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Support Vector Machines (SVMs), the learning approach originally developed by Vapnik
and co-workers, have attracted much attention recently because of their excellent perfor-
mances in various real-world applications such as text categorization, character recognition,
image classification, failure discrimination, etc. In this paper we introduce SVMs from the
standpoint of mathematical programming applications. Basic properties and various com-
putational aspects of SVMs are described. Our experience on the failure descrimination by
using SVMs is given in the final part of this survey.
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