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o BEFECKDEBBEISRETILDOHET D

29, JDDANDHZIEE I &
lEi? IVI{data=data,c ‘“takgy-. [RUE
f lalEmia(k=2)C 2 2

result <- ALC.IBEM(data=data,C. | RUE,N.Tlag= | RUE
> '35\;]"

2)
K=Z)

_earning Hlerarnical latent class model by Intformation bottieneck eVl

——= pPdidllIclcl S OT kr‘l‘\“ ( B ;\\d' -

2 1

gamma.steps: o0

KRk - { -
earning caradinality

"= learning nierarchny

P_—UVOBETOHEEBREDZELZT70Y h9 3

> plot.Ml.data(result,type= | ,distace:

NI ROE—2=20OY K9

lype=2, distance="H.X "= 57
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Appendix:
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o ANIL7—JE dL\T:%?‘)b”synthetic.hlc”b\5=\‘—“7“7\1D“/7°'J‘/9“%?‘_15

# UV )LDEiaN b3 Zburn-ine U CZ=ZA10, 5001@DT > 7))

> samples <- sample.HdLC(synthetic.nic,n=500,burn.in=0.5)
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# synthetic.hlcD B2 D [E 16
D

—( ’A/ﬂl!ﬂ-wlr NIC)
A" 172 D7C &S DEBERVNDSBRIEIRZ
P(synthetic.hlc,data=rep(1,30))

> qu result <- HLC
CRANKEOL 2N PA%50)

> bp.result <- HLC.B]

> DP.result

Result oT belieT 9‘f¢1mﬁ|i[ojns

“** number of evidences: |

~== calculation time: 0.009 0.001 0.01'1 O O

o GraphvizFADdot RO U T hZEEHT

# synthetic.nicdDdot A2 U J -2 synthe.dot C

> Write.nhic.grapn(syntnetic.nic,tile="syntnetic.dot")
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