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>library (mfe)

>x<{-read. csv("1_MAEFHF2 csv )
> metafeatures (Class”., x, groups =

c("all”), summary=c ("min”, “max”, “mean”, “sd”))
tH HfER
general.attrTolnst general.catToNum general.freqClass.min general.freqClass.max
3.146853e-02 NA 2.972028e-01 7.027972e-01
general.freqClass.mean general.freqClass.sd general.instToAttr general.nrAttr
5.000000e-01 2.867986e-01 3.177778e+01 9.000000e+00
general.nrBin general.nrCat general.nrClass general.nrinst
2.000000e+00 9.000000e+00

2.000000e+00 2.860000e+02
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